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MAKING KNOWLEDGE GRAPHS e

ACCESSIBLE
“otimbr

Truly translate into enterprise realm:

* Integration into corporate knowledge bases that use
“standard” infrastructure scalable to deal with Big Data.

» Accessible to Business Intelligence solutions
("analytics for the masses”).

* Shorten learning curve.
* Shorten implementation curve.
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GRAPH AND NoSQL CAPABILITIES - ¥ wp-semantix
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v Graph capabilities:
Graph traversals in SQL without the need to explicitly write
joins.

v NoSQL capabilities:
Allowing a relatively flexible schema declaration and
evolution.

v Virtual:
No ETL. Enables iterative, exploratory model for ontology



PERFORMANCE AND SCALABILITY.  :wp-semantix
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v" Virtualization engine with a front-end compiler.

v" Full utilization of the back-end performance (push-
down).

v' Scalable to whatever the backend scales.

v Query optimization techniques.
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SAL access to the world's knowledge
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